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Viral by Algorithm

Use Al to Crack the Code of Social Media Growth and Monetization

by Joe Giler



Preface

I did not write this book because I cracked some secret code and want to sell you the
map. I wrote it because I spent years watching talented people post good work into
silence while mediocre accounts pulled millions of views, and I got tired of pretending

the difference was luck. It isn't luck. It's a system. And systems can be learned.

For most of the last decade, "getting good at social media" meant absorbing folklore.
Post at 9 a.m. Use exactly eleven hashtags. Never use the word "link" in a caption.
Every creator had a superstition, and most of those superstitions were wrong, because
they were built on watching a handful of anecdotes instead of understanding how the
machines underneath actually decide what to show people. The machines are
recommendation systems, and they have knowable behaviors. Once you understand
what a ranking model is optimizing for, a lot of the folklore collapses and a smaller set

of durable principles takes its place.

The second thing that changed everything is artificial intelligence, and not in the way
most breathless headlines suggest. Al is not a magic button that spits out viral posts.
Anyone who tells you that is selling a course you should not buy. What AI genuinely
does is collapse the cost and time of the boring middle of the creative process: the
drafting, the variation, the reformatting, the analysis of what worked. That is
enormous, but only if you already know what you are trying to do. A tool that lets you
test forty hooks instead of four is worthless if you don't understand why one hook
beats another. This book spends as much time on the "why" as the "how" for exactly

that reason.

A promise about honesty. I am not going to fabricate statistics to make a point land
harder. When I cite a number or a study, it is real and I will name the source in plain
language so you can find it yourself. Platform mechanics change, so I have tried to
write about the underlying logic that persists even when a specific feature is renamed

or retired. Tactics have a shelf life measured in months. Principles last years.

Who is this for? Someone who wants to build an audience and turn it into income,
and who is willing to treat that pursuit like a craft rather than a lottery. Solo creators,

small business owners, freelancers, people with a product and no reach. You do not



need a technical background. You do not need to already be "good at content." You
need to be willing to run experiments, read results honestly, and keep the ones that

work.

The structure is deliberate. We start with how the algorithms actually operate,
because everything else depends on it. Then we layer in Al as an accelerant, move
through the practical machinery of hooks, formats, and posting systems, and finish
with the part everyone skips and everyone needs: turning attention into money. Read

it in order the first time. Skip around forever after.

Let's get to work.



Introduction

There is a particular kind of frustration that only creators know. You spend six hours
on a video. You believe in it. You post it, and it gets eleven views, nine of which are
probably your own refreshing. Meanwhile someone films thirty seconds of themselves
reacting to a sandwich and it does two million. If you have felt that specific injustice,
this book is for you, and the first thing I want to do is take the injustice apart, because

it is not actually injustice. It is information.

Here is the reframe that changes everything. Social platforms are not galleries where
quality is judged and rewarded. They are marketplaces for attention, and the currency
is engagement per second of viewer time. Every major platform, whether it calls its
feed "For You," "Reels," "Shorts," or something else, runs on a recommendation
engine whose job is to predict which piece of content will keep a given user on the app
the longest. That is the whole game, stated plainly. The platform does not care
whether your video is beautiful. It cares whether the next person who sees it will
watch, react, and stay. Once you internalize that, the sandwich video stops being an
insult and starts being a lesson: it did the one thing the machine rewards, and your

six-hour masterpiece, for all its merit, did not.

The good news buried in that reframe is that the rules are consistent, testable, and
learnable. Recommendation systems are among the most studied objects in modern
computing. We know, in broad strokes, what signals they weigh: how long people
watch, whether they watch to the end, whether they rewatch, share, comment, and
save. We know that early performance in the first minutes and hours strongly shapes
how widely a post is eventually distributed, because platforms test content on small
audiences before committing to large ones. None of this is secret. Companies like
Meta and, more recently, TikTok have published papers and public explainers
describing the general shape of their ranking systems. YouTube's engineers described
the architecture behind their recommendation neural networks in a widely cited 2016

paper by Paul Covington and colleagues. The specifics are proprietary; the logic is not.

So why does it still feel like a mystery? Two reasons. First, the systems are dynamic.
They update constantly, they personalize to each viewer, and they respond to what
everyone else is posting, so no fixed rule stays true forever. Second, most advice about



them is written by people describing what worked for them once, then generalizing
wildly. This book tries to do the opposite: describe the stable principles, then give you
a method for discovering the current tactics yourself, because the tactics will have

shifted by the time you read this.

This is where artificial intelligence enters, and I want to be precise about its role
because there is so much nonsense around it. Al, in the context of content creation, is
a leverage tool. It does not replace judgment; it multiplies whatever judgment you
bring. Large language models like the ones behind ChatGPT, Claude, and Gemini can
generate fifty caption variations in the time it took you to write one. They can analyze
a month of your post performance and surface patterns your eyes would miss. Image
and video models can produce thumbnails, b-roll, and visual concepts at a speed that
used to require a team. Voice tools can turn a written script into narration. Every one
of these compresses the expensive middle of production. But—and this is the whole
point of the book—leverage on a bad strategy just helps you fail faster. A person who
understands why a hook works, armed with AI, becomes genuinely dangerous. A
person who understands nothing, armed with the same AI, produces a firehose of

generic slop that the algorithm correctly ignores.

That combination—understanding the machine plus using AI to move faster than
everyone who doesn't—is the entire thesis. It is why the book is called Viral by
Algorithm rather than "viral by luck" or "viral by hustle." You are not going to out-
work the person posting ten times a day on grind alone. You are going to out-think
them by understanding the system, and then use Al to close the speed gap so that
your smarter decisions actually reach scale.

Let me set expectations about what "viral" even means, because the word is a trap.
Chasing a single explosive hit is a losing strategy for almost everyone; virality is high-
variance and mostly outside your control on any individual post. What is inside your
control is your batting average—the rate at which your content earns above-baseline
distribution—and your systems for converting that distribution into an audience and
then into money. A creator with a reliable method that produces a modest hit every
week will crush a creator who goes mega-viral once and then vanishes. This book is
about the reliable method, not the lottery ticket.



A word on monetization, since it is half the subtitle. Attention is not money. It is
potential money, and the conversion is a separate skill that most large accounts are
shockingly bad at. I have seen creators with hundreds of thousands of followers earn
less than focused accounts a tenth their size, because the small account built a path
from attention to a product and the large one just collected vanity metrics. We will
treat monetization as a design problem from the beginning, not an afterthought you

bolt on once you're "big enough."

Here is how to use what follows. Chapter 1 explains how the algorithms genuinely
work and why Al-assisted content has a structural edge inside them. From there we
build practical skills: engineering hooks, choosing formats, using AI without sounding
like a robot, building a posting and testing system, reading your analytics like a
scientist, and finally, converting all of it into revenue through products, sponsorships,
and offers. Each chapter ends with a key takeaway and a short quiz, not to test you but
to force the ideas from passive reading into active memory, because that is how skills

actually stick.

You are going to have to run experiments and read the results without flinching. Some
of your best ideas will flop and some throwaways will fly, and the whole discipline is
learning to let the data overrule your ego. If you can do that, the algorithm stops being
your adversary and becomes something closer to a very literal, very consistent
business partner—one that will reward you every single time you give it what it wants.

Let's learn exactly what that is.



Chapter 1: How Social Algorithms
Actually Work — What Platforms Reward
and Why Al Content Wins

Every time you open TikTok, Instagram, YouTube, or any modern social app, an
invisible auction happens in the time it takes the screen to load. Out of millions of
eligible posts, a system chooses the handful you will see first, in the order you will see
them. That system is a recommendation engine, and understanding how it makes that
choice is the single most valuable piece of knowledge a creator can own. Everything
else in this book is built on this chapter. So we are going to go slowly and get it right.

The feed is a prediction machine

Strip away the branding and every major feed does the same thing: it predicts, for
each candidate post and each specific user, the probability that showing that post will
produce valuable engagement. Then it ranks candidates by that predicted value and
shows you the top ones. That's it. The feed is not a chronological list of what your
friends posted, and it has not been for years. It is a ranked prediction of what will hold

your attention.

The mechanics generally happen in stages, and this staged design matters for
creators. First comes candidate generation: from an enormous pool of possible posts,
the system narrows to a few thousand that are plausibly relevant to you, based on
your history, your follows, and content similar to things you've engaged with. Then
comes ranking: a heavier, more precise model scores those candidates and orders
them. YouTube's engineers described exactly this two-stage funnel—candidate
generation followed by ranking—in their 2016 paper on deep neural networks for
recommendations, and the same broad architecture underlies most large feeds. The
reason this matters to you is that your post has to survive two different gates. It has to
be retrievable at all (the system has to consider it), and then it has to score well

against everything else in the running.



What the machine is actually optimizing for

The models predict engagement, but not all engagement is equal, and knowing the
hierarchy is where real strategy begins. Broadly, platforms weigh signals like these,

roughly in order of how strongly they influence distribution on short-video feeds:

e Watch time and completion rate. How long people watch, and whether
they finish. On short video, completion rate—the percentage of viewers who
watch to the end—is arguably the most powerful single signal, because it
directly measures whether the content held attention. A fifteen-second video
watched fully outperforms a sixty-second video abandoned at ten seconds,

even though the second one has more total watch time on paper.

 Rewatches and loops. If people watch again, that is a very strong signal of
value, which is why looping content and videos that reward a second viewing

punch above their weight.

e Shares. A share is the single most valuable action a viewer can take, because
it recruits new viewers and signals that the content is worth someone risking
their social reputation to send. Platforms know this and weight shares
heavily.

e Saves. Saving says "I want this later"—a strong intent signal, especially for
educational or reference content.

e Comments. Comments indicate emotional or intellectual investment and
they keep people on the post longer. Content that provokes replies, debate, or

"tag someone" behavior earns extended dwell time.

e Likes and follows. Real but comparatively weak signals. A like is cheap; it
costs the viewer almost nothing, so the system trusts it least. New follows
from a post are meaningful because they suggest the content converted a

stranger into a subscriber.

Notice what is not on this list: your production budget, your camera quality, how hard
you worked, or how much you personally love the piece. The machine cannot see
effort. It sees behavior. This is the hardest lesson for skilled creators to accept, and the
most liberating once accepted, because it means a phone and a good idea can beat a

studio and a boring one.



The cold-start test: why your first hour decides everything

Here is a mechanism that explains more real-world outcomes than any other, and that
most creators misunderstand. When you publish, the platform does not know how
good your post is, so it runs a test. It shows the content to a small initial audience—
some mix of your followers and a sample of non-followers the model thinks might be
interested. Then it watches how that small group behaves. If they watch to the end,
rewatch, share, and comment at a higher rate than the platform's baseline for similar
content, the system promotes the post to a larger audience and tests again. Strong
performance at each tier earns a bigger tier. Weak performance ends the test, and the

post quietly dies.

This tiered-testing behavior is why virality looks like a staircase, not a ramp, and it
has enormous practical consequences. First, your opening seconds are not a nicety;
they are the entire ballgame, because the cold-start audience decides in the first two
or three seconds whether to keep watching. Second, the batch you post to matters: if
your early audience is poorly matched to your content, they'll swipe away, the test
fails, and even great content stalls. Third, small percentage improvements in
completion or share rate compound violently, because each tier multiplies the
audience of the next. A post that is ten percent better at holding attention doesn't get
ten percent more reach; it can get many times more, because it keeps passing tests

that a slightly weaker post fails.

Personalization means there is no single algorithm

People talk about "the algorithm" as if it were one fixed judge. It isn't. The ranking is
computed per user. The same video is scored differently for a teenager in Sao Paulo
and a retiree in Ohio, because the model has different predictions about each of their
behaviors. This is why chasing a universal "best time to post" is mostly a waste of
energy: the right time is when your specific audience is active and receptive, which
you discover from your own data, not from a generic infographic. It is also why niche
clarity helps you. When your content consistently signals what it is about and who it is
for, the candidate-generation stage can match it to the right people, the cold-start

audience is well-targeted, and your test-pass rate climbs. Scattered, unfocused



